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Recent progress in single cell sequencing
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Abstract ; In recent years, as the next-generation sequencing technology developed rapidly, it has been widely used
in various fields of life science. However, The traditional bulk cell sequencing methods detect the total average
reactions of cell groups and are unable to reflect the actual situation of each cell, which may affect the accuracy of
understanding of the cell function. The emergence of single cell sequencing technology has solved the inherent
defects of traditional sequencing to a certain extent. Single cell sequencing can accurately detect the gene structure
and expression status of a single cell in RNA or DNA level, which is important for analyzing the heterogeneity of
different cells with the same phenotype. In this study, the principle, sequencing method, and platform of single cell
sequencing were briefly introduced, which is helpful to understand single cell sequencing and design the
appropriate project scheme in scientific research projects. Then, the single cell transcriptome sequencing analysis
pipeline and various commonly used analysis tools or software were summarized, and the principle and the research
progress of cell clustering and trajectory analysis in single cell transcriptome sequencing were elaborated, which can
provide reference for data analysis of single cell transcriptome sequencing. Finally, the research trends of single cell
sequencing, as well as the application, challenge, and prospect of single cell sequencing were presented, which is
helpful to understand single cell sequencing more comprehensively.
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Table 1 Different single cell sequencing methodologies
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Fig.1 Analysis workflow of single cell

transcriptome sequencing
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Table 3 Single cell transcriptome sequencing analysis toolkits
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