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Systematic investigation of application of text analysis to protein bioinformatics
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Abstract ; Investigating the application of text analysis technology to bioinformatics has important theoretical and
practical value in the era of big data. Several application examples and core technical content of text analysis in
protein computational analysis are discussed in this paper. Text analysis technology can play a leading and guiding
role in the field of bioinformatics, and its application in bioinformatics further promotes the development of text
analysis technology. Although text analysis technology has been widely used in bioinformatics, there are still some
problems to be solved,which are also discussed in this paper.
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Fig.1 Basic procedure for text analysis
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Fig.2 Basic flow for protein fold recognition
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Fig.3 Prediction of protein secondary structure using text analysis and machine learning
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Fig.4 Protein function prediction model based on protein structure and function databases
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