CAVECR-3E 1 Gel 7/ SN Vol.17 No.1
2019403 H Chinese Journal of Bioinformatics Mar. 2019

DOI:10.12113/j.issn.1672-5565.201809002

ETHzm=ES8 RNA RiIENAL o Il 7 iEE b

(LARERLEAGR RS RGRIEITTE BOTEEARII O, T R 55 8 RS S0 | EZ R R 538 CREFuL A6 100190;
2. PR B Rt BeERkAsABe LR 100049)

W ERNAGEE - NTRoEXWAEMAKL TS, FARIEBRHN—F eI UM EGRAF SN BTEX
R EN AT EENELRAE, RNAGRBELA AL SREAMAR, B MERFMEE, 0T, BT 2N (A-o-1) 1
TERR TR, mkguﬂWiﬂbzﬁ%kﬂzmTE/&\%@@VW@J%@%RMMwﬁ jyfi%%RNA%iﬁéﬁk%M%é
HEUPN A BFTAT, FET —FAAETHAENFHE AN RNA B S TN 7k, Bty mx#aNg Ldfy
A, 4 RNA SRt — S o R R — BB,

KRR RNA S B EE T ; A-to-L; LB F 3

FESHES.0522+.6  XEFEEA  XEHS:1672-5565(2019)01-001-08

Review: prediction of RNA editing sites based on machine learning
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Abstract: RNA editing is an important molecular mechanism of biological cells. As a step of post-transcriptional
modification, it can increase proteomic diversity, alter the stability of transcription products, regulate gene
expression, and so on. RNA editing disorders can lead to a variety of diseases, including neurological diseases and
cancer. Among animals, the editing of adenosine to inosine ( A-to-1) is the commonest. Advances in high-
throughput sequencing technology have greatly improved the ability to detect and quantify RNA editing globally,
which can make large-scale genome-wide analysis of RNA editing feasible, thereby resulting in a series of
prediction methods of RNA editing sites based on high-throughput sequencing technology. This article will introduce
and summarize these methods and provide new perspectives for further research of RNA editing.
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