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Predicting antifreeze proteins by using pseudo amino

acid composition and support vector machine

XU lJia
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Abstract ; Antifreeze protein ( AFP) is a kind of protein that can improve the antifreeze capability of organisms.
They specifically bind to ice crystals to inhibit growth and recrystallization of ice. It is very important for bioengi-
neering and for improving antifreeze capability of crop to accurately identify AFPs. The present study constructed a
benchmark dataset including 400 AFPs and 400 non-AFPs. By using pseudo amino acid composition as parameters,
support vector machine was applied to perform prediction. We finally achieved overall accuracies of 91.3% and
78. 8% , respectively for training set and test set. These results suggest that pseudo amino acid composition can de-
scribe the characteristics of AFPs and can be used for AFPs prediction.
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