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Use ID-SVM method to prediction ATP binding residues of a protein
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Abstract ; starting from the protein sequence, Dr. GPSRaghava are analyzing the 168 non-redundant ATP and pro-
tein segmentation which these are organized and used, statistical and analysis of ATP and protein-binding sites. On
this basis, the use of 20 kinds of amino acids hydrophobicity of the 20 amino acids is reduced to 6. Close to the a-
mino acid composition and 6 Hydrophobicity parameter increment of diversity (ID) close to the amino acid compo-
sition and 6 Hydrophobicity dimensionality reduction and dimensionality reduction characteristic parameter input
support vector machine computing, this article the result of the operation is displayed next to the amino acid compo-
nent ID value and 6 Hydrophobicity ID value as a common characteristic parameters of the best results, seven cross-
examination under the forecast total accuracy of 99.67% , correlation coefficient of 0.9934 | better than the previ-
ous forecast results.
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Table 2

select the ID values of the different characteristics of the composition

as a parameter SVM prediction of ATP binding sites
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Table 3 Select the amino acid component ID and (ADW) amino acid diad ID as the characteristic parameters

of SVM prediction results
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