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Research progress of GPGPU accelerated biological sequence alignment
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Abstract : Biological sequence alignment is one of the most commonly used and the most classic method in bioinfor-
matics study. It requires hardware support that has powerful computing capability, while the development of GPG-
PU may be worthy of this task. This paper first introduces the GPGPU development process, and then describes the
GPGPU hardware device and related programming environment, presents math library function that is needed in sci-
entific computing on GPGPU, finally, discusses the software and research work of using the GPGPU - accelerated
biological sequence alignment at home and abroad in recent years. Furthermore, we will summarize the recent
works and look into the brilliant prospects of GPGPU — accelerated biological sequence alignment.
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